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Predicting Dissolved Oxygen in River Based on Grey LM-BP Network of Random Genetic Algorithm
CUI Xuemei
(School of Life Science and Technology, Hubei Engineering University, Xiaogan 432000 China)

Abstract: Dissolved oxygen (DO) is a very important indicator for river ecosystem health. Taking the DO test in the Xiaogan

(GA) was
put forward and established. The raw data of DO were predicted based on grey theory, and the residual data were fitted and tested

Reach of the Lunhe River as a case, DO prediction model based on grey LM-BP network of random Genetic Algorithm

in random GA-LM-BP network. As it turned out, the data rate of accordance is approximately 100% based on random GA-LM-BP
network. Furthermore, the last three months data were tested and the errors were less than 2.933%. Thus, the grey LM-BP
network of random GA could be used to predict DO in local area. Therefore, it can provide a new methodology for the analysis of
water quality.

Key words: grey theory; GA-LM—-BP network; test error; water quality prediction
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Analysis of Water Dynamic Characteristics of Modaomen Waterway during Dry Season

FANG Shenguang, WANG Shaobo
(Pearl River Hydraulic Research Institute of PRWRC, Guangzhou 510611, China)

Abstract ; Analysis and investigation on water dynamic characteristics at the water surface to bottom under spring, middle and neap tides were
made based on synchronously observed data for nearly 40km distance from Zhuying upstream to estuary during Dec.10-25, 2009. The results
show that the velocities in Modaomen waterway are not speed with only average 0.5m/s and 0.76m/s on water surface respectively during rising
and ebb duration in spring. Water dynamic characteristics commonly appear that the velocities during ebbing time are more than that during
rising on water surface but there is little difference on bottom. Rising and ebbing velocities increase from neap to spring tides. Tidal rising du-
ration is less than ebb on water surface in the waterway with converse feature on bottom. There is converse flowing phenomena along water
depth between water surface and bottom in the Modaomen estuary and waterway during the second ebb duration after the first long time ebbing
with revolving location closer to water surface.

Key words: Modaomen waterway; dry season; water Dynamics; observed data



