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Review of automatic music transcription system

GUO Yi', XU Hong-bing' , TANG Ji-yong' , HE Li’
(1. College of Automation , University of Electronic Science & Technology of China, Chengdu 611731, China; 2. Sichuan Institute of Computer
Sciences, Chengdu 610041, China)

Abstract: Through querying, reading and analyzing a large number of literature, this paper gave a detailed summary on auto-
matic music transcription system, including the concepts and contents, system architecture and development of the automatic
music transcription system. And then gave a detailed summary of the key technology: onset detection and multipitch estima-
tion. Finally, summarized the advantages and disadvantages of the current automatic music transcription system and pointed
out the future direction of development of the technology. And also found that this was the first review article of automatic mu-
sic transcription system and it had an important reference value.
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Z— TR BTG , 1A REA 1 K 14 B ) RO R
FAR AR AR AT 43 A, DT 380 < FE ™ 45 v G AR A
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T 2 HA TR R A i 7
VEAERAVF Z W E AL AL T A T K& T
BUAS TR,
SCHR[45 ] R T —Fh i o0 7 vk g i TR S 19—
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FADL 50 (o) SETRARME I, 45 T RFTZE MM y (¢) A HRAfT
K (5) I S8, R AR A5 1 S 36 HERT DL 37 77 i
Heftitt, SCPE LT —ANTERAIZEUA E I T ¥ (1) BISR
PR, SR EHE DR T R S8, W T MG Sk
W, BE SR VN B SRR AN B R S 2 8
FERTE R RIETT, 207 IR EA R B (AX) T3k
S R TN T S
(., SOt YT 30 B T e S 77 ( Markoy
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P A, P SCRRIC B2 O PEREXS T A RO
EAMYEILIE AT B
i W EEEAINEZ S ANa s RSP S B i EE AN
2o MEMCRBE D BN A S A H RS A
TN, P DR A5 7 5 R0 o s 2 ) B 3 5 B0 75 5 I
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port vector machine, SVM) 73248, SRS E A JL T4~ (5

HA 88 L) T 2GR L0268 . X T IaA:
A AR HAE 05325 Fen AT A
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