% 26 &% 10 # it o R R R Vol. 26 No. 10
2009 4 10 A Application Research of Computers Oct. 2009

RATEHERPBRUNIHEBETWETE

Sy a b
B, HEE
(FEXF a FERNEFS; b RFLEEERFER, §T 530004)

OB, ATE T A b A B TR AR T — A0 A T3 S 8 69 37 7 i —— % AL E T 8L
BEF R (RQACOA) , AT 3T 2 F rbds o A fim =3 ) 20 A0 2 3% e AR AL B AL Lo R L JIN—FP#T e R A AT 7
ELVXTTHRETTEN, —FLEREFTHRALANNEZAANKESL, FETFEBAAETTF A2 EMET
W it Be REFAAEITRERATH AR REABBBHAFRFIERTXE—FT KB, ZBLERE
Ui Z - g L Ry = B v s B s A
XKEEWR. TFH,; Ik FRHA; BHFILE
hESES. TPIS; TP301.6 XEFRERD . A
doi;10.3969/j. issn. 1001-3695.2009. 10. 016

XEHS . 1001-3695(2009)10-3660-03
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global numerical optimization
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Abstract: This paper proposed a novel kind of algorithm, real-coded quantum ant colony optimization algorithm (RQACOA) ,
for global numerical optimization based on ant colony optimization and quantum computation. It advanced a new real-coded
method and designed intelligent quantum ants,took a chromosome several individuals information,and adopted quantum com-
putation mechanics, proposed interference operator, proposed mutation operator and self-learning operator to accelerate evolu-
tion process. After that,employed ant colony to further optimization. The result of simulation experiments shows that RQACOA

has a strong ability of global optimization and high convergence speed.
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