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Ant Colony Optimization Parallel Algorithm Based on Hne- grained Model

ZHU Hai- mei, ZHU Qing- bao
( Dept. of Computer Science, Nanjing Normal Uniwersity, Nanjing Jiangsu 210097, China)

Abstract Although a good many important results have been achieved about the research of Ant Colony Optimization ( ACO)
algorithm and its application, the time required to find good optimal solution is unbearable for large scale optimization prob-
lens. Therefore, ant colony optimization parallel algorithm base on fine- grained model is proposed t© improve its performance in
this paper. The results of experiment show that the algorithm described in this paper make the searching speed hundreds of
times faster than the latest inproved one.
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