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Face Recognition Based on Improved LSA Model

ZHAO Ming-hua, YOU Zhi-sheng, LV Xue-bin, YU Jing, MU Wanjun
( Institute of Image & Graphic, School of Computer Science, Sichuan University, Chengdu Sichuan 610064, China)

Abstract An improved LSA model is proposed, and it is applied to face recognition. Firstly, the model is established to re-
present the nmap between the pixels residing at images of various resolutions; after that, parameters of the model are obtained
from original image and its wavelet deconposition results to decide the map; finally, the identified map is used to estimate ima-
ges at finer resolution from coarser versions. Parameters of the model about testing image and about training images are com-
pared to classify the testing image. Experimental results show that images estimated by presented model are more similar to tar-
get images than those estimated by LSA model. The face recognition system based on the presented model is robust o illumina-
tion.
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