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Chinese Named Entity Recognition based on Position-sensitive Embedding
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Abstract: In the task of Chinese named entity recognition based on conditional random fields and representation learning, in order
to reduce semantic bias of feature learned automatically by embedding model, this paper presented a Chinese named entity
recognition method based on position-sensitive embedding model. This method applied the position information to the embedding
model and used multi-scale word clustering to extract different size features. And then recognize Chinese named entity with
conditional random fields. The experiment shows that, this method improved the F-score by 2.85, compared to traditional methods.
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