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individual migration

QI Rong-bin, QIAN Feng, DU Werrli, YAN Xuefeng
(Institute of Automation, East China Universty of Science and Technology, Shanghai 200237, China.
Correspondent : QIAN Feng, Email : fgian @ecust. edu. cn)

Absgtract : A new method is proposed to solve multiobjective optimization based on genetic algorithm. The method is
implemented to optimize each one of the multiobjective problem separately by parallel searching of genetic algorithm.
At each generation of the evolving process, an ditist selection and individual migration to improve the parallé
searching speed is applied. Finite precison method is applied to control the amount of the Pareto optimal solutions and
keep the individual diversity. At the same time, a new stopping condition of multiobjective genetic algorithm is
proposed. The numerical results demonstrate that the proposed method can fleetly find the Pareto optima solutions
which formerly are scattered extensvely and uniformly.
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