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Abgtract : To the problems of the model identification and predictive control of nonlinear systems in the domain of
industry control , a nonlinear model predictive control algorithmis presented. The nonlinear function is constructed by
least sguares support vector machines regresson. A numerical agorithm for subspace state space system identification
is utilized to identify a nonlinear stat- space model ,which is used to construct a nonlinear model predictive controller.
In deriving the control law , a quas-Newton algorithm is applied to implement the nonlinear model predictive control
(NMPC) agorithm. The simulation result shows the validity and feas hility of the NM PC algorithm.
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‘A = [0.973 62] ,B = [0.040 53] ,C
= [2.4337], D = [0.000 12].
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