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Abstract: Naive Bayes algorithm is one of the most classical and influential classified algorithms, but it still has
some aspects to be improved. To solve the problem of underflow, the fundamental formulae is improved. To im-
prove the accuracy of the algorithm, a new algorithm named CIT-NB is proposed based on classified core words
and the improved TFIDF algorithm. CIT-NB algorithm is realized in the experiment. Applying the CIT-NB algo-
rithm introduced above to dataset of news classifying, the experimental results indicate that compared with NB

algorithm, CIT-NB algorithm performs better in recall and precision, which proves the validity of CIT-NB algo-

rithm obviously.
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