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A novel method for nonzero taps detection of sparse channel

FU Jian-bin, PENG Hua, DONG Zheng
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Abstract: To improve the accuracy of sparse channel estimation, nonzero taps detection is required.
In the matching pursuit algorithm, the sparsity of channel must be taken as prior information, or strict stop
criterion of algorithm iteration must be given. To avoid the mentioned problem, the multistage detection
algorithm is introduced to obtain the location information. Experiment result shows that the multistage
detection algorithm performs almost equivalently to matching pursuit algorithm when it is used to detect
the nonzero taps under SNR>10 dB, and its performance will be much better than that of matching pursuit
algorithm when the SNR is low. And the reasons causing the unstable performance of the algorithm are
also analyzed, then an improved method is provided.
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