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Spectral analysis for Doppler ultrasound signals

WANG Yuanyuan LIU Bin WU Xiaofeng WANG Weiqi
(Dept.of Elec. Engn., Fudan University, Shanghai- 200433)

Doppler ultrasound signals are nonstationary. Analysis of these signals using the conventional short time
Fourier transform could not lead to higher resolution both in time and frequency domain simultaneously. T o
overcome this shortcoming, several new speciral analysis methods are briefly described in this paper. Their
performances are also compared with that of conventional method.
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