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Vector similarity measurement method

ZHANG Yu, LIU Yu-dong, JI Zhao
(The 760 Research Institute of China Shipbuilding Industry Corporation, Dalian 116013, China)

Abstract: To estimate two vectors’ similarity, the methods of computing the similarity are generally adopted. Several mature
similarity estimate methods and their merits and drawbacks in applications are analyzed and compared in this paper. Accord-
ing to the demand of practice application and associating with two mature distance measure methods, an improved distance
measure method called relative error distance is proposed. And, from the thought of magnifying the effect of the larger rela-
tive error, a comparability function called most dissimilarity coefficient is created. These two methods, which have fully con-
sidered the relative variation value, are applicable in the case of measuring an unknown comparative vector and a known
standard vector.
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