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The Detection of the Deception Based on Stacked Denoising Autoencoder *
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Abstract ; In order to improve the accuracy of detection of deception,a speech detection algorithm based on stacked
denoising autoencoder is proposed (SDA-SVM) . The algorithm first uses Opensimile to extract 384 dimensions voice
features. Then,two layers of denoising autocoder networks are constructed to transform the voice features. Finally,
the SVM classifier is used to classify the truthful and deceptive speech. The source of the speech used is the CSC lie
corpus, experimental results show that compared with the traditional SVM classification, the proposed algorithm
increases the accuracy by at least 1.85%.
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