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Face detection based on selective search and Gabor optimizing

convolutional neural network

WU Suwen; Zhan Yinwei
(School of computer, Guangdong University of Technology, Guangzhou 510006, China)

Abstract: To solve the problem of detecting faces with large variances on pose and illumination under complex background,
this paper presented a robust and fast algorithm which combined selective search strategy with Gabor optimizing convolutional
neural network. Selective search strategy selected the candidate regions. Image warping computed a fixed-size convolutional
neural network input from each region proposal. After a series of convolution and pooling operations, convolutional neural net-
work extracted features of candidate regions to confirm whether candidate regions contained faces or not. Experiments on LFW
database show that Gabor optimizing convolutional neural network can avoid the uncertainty of traditional feature extraction and
has better generalization and robustness.
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